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Any parametric study involving roughness requiresfaces with known statistical

proprieties and it is much more convenient to gateethem numerically rather to measure
manufactured rough surfaces. An essential requimerf@ any numerical algorithms for
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roughness simulation is their abilities to generedegh surface which have statistical
proprieties similar to real surfaces.

Most of the statistical proprieties of a rouginface can be derived from knowledge of
two statistical functions, the frequency densitydiion and the autocorrelation function.
Consequently, a good algorithm should be able toege#e surfaces having prescribed
frequency density functions and autocorrelatiorcfioms.
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